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R=Y - AC " ) GRUITENE noob is a graph processing library for scientists. Pipelines that scale down to a single function call and
o o o o [3] ) . } . Q scale up to your massive compute cluster. Bring your existing code, make no changes, build simple
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“component-component correlation (M).”

Each node can have slots (inputs)

and signals (outputs) that Pipelines can take inputs and Things are never just single things: with static data - the pipeline is
correspond to the arguments and return values, so they-can be noob ha's bUIIt—I'ﬂ support for self-contained and publishable.
return values of their underlying nested as nodes within other cardinality manipulation for N

callable pipelines. concurrency and to glue unwilling

nodes together
Nesting pipelines gives a natural
means of controlling data locality,
process boundaries, and
composing multiple pipelines!

e.g. here a miniscope might return
a frame and metadata from each
call, and accept some optional
“stim” parameter to control
optogenetic stimulation
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multiple events to process
concurrently
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map: split a single event into gather: combine multiple

mypackage.count_events

events into one, by batch or
with an external trigger. gather.value
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| def count_events(
(N ~/ metadata timeseries: ndarray, threshold: float
4 .
. . . —(] zarr writer ) -> nt:
1/0 for SClent].StS N Y return sum(timeseries > threshold)
- ‘1 4 )
Designed for the urge to jam a plotting function in the (] video writer
main loop. Hang writers off any node, plot anywhere, > < BYO COde
glue your preprocessing routine where it barely belongs. | A csv writer noob doesn’t require any modifications to existing
noob was designed to go off road. — ) code: use any python class or function.
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